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Abstract 

We analyze the equity portfolio composition of investment funds of 15 European 

countries. We find that these institutions tend to prefer larger, more liquid, high 

dividend, low volatility stocks that belong to the main stock market indices. These 

results are consistent with previous studies that analyze institutional preferences for 

stock characteristics. These results are also consistent with theories of “prudent” 

behavior by institutions and are robust to factors such as funds holding a small number 

of stocks and funds with unusually large holdings relative to the number of outstanding 

shares of a single company. When we compare institutional preferences across sub-

groups of funds, we find no relevant differences between the stock preferences of funds 

from Portugal, Ireland, Italy, Greece and Spain and those of funds from other countries; 

also, there seem to be no significant differences between funds with different 

investment styles and preferences before and during the recent financial crisis in 

Europe. We also find similar preferences for funds located in countries that adopted the 

Euro and funds from other countries. Additionally, we find that funds with long-term 

strategies are more conforming with “prudent” behavior than funds more focused on the 

short-term.  
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1. Introduction 

 The equity market has seen a dramatic shift in the profile of the typical investor. 

In the fifties, more than 90% of the total U.S. equity market was controlled by 

individuals (Friedman, 1996). Institutions, like banks, pension funds, mutual funds, 

insurance companies and others owned a very small fraction of the market. Meanwhile, 

as time progressed, a considerable growth in institutional ownership took place. 

Institutional managed portfolios gradually became larger, holding over 50% of the total 

U.S. equity market in the nineties (Friedman, 1996). 

 This progressive institutional dominance has increased the need for research on 

institutional activity, institutional behavior and its impact on financial markets. While 

institutions as a group can be quite heterogeneous, they have certain characteristics that 

distinguish them from individuals. Bennet et al. (2003) describe that institutions (1) 

typically hold larger portfolios, which leads to economies of scale in areas such as 

investment research and trade execution; (2) are usually evaluated and compensated 

based on investment performance, leading to similarities in incentives; and (3) face 

constraints that can affect their investment decisions (e.g. prudent-man regulations, 

which are laws that seek to deter investment management choices leading to high risk 

portfolios). These common factors can affect institutional investment decisions and are 

therefore of interest from an academic perspective. 

 Many institutions are involved in the management of assets that belong to other 

investors in a so-called fiduciary relationship, in which they act as agents on behalf of 

others. In this relationship, institutions are conceded the right to manage assets from 

small investors, making pools of assets and managing the assembled pool. Their 

objective is, commonly, to maximize the returns achieved for a chosen level of risk, and 

in compensation they charge a set of fees for their services. 

 Institutions usually prefer to manage larger portfolios, from which they can 

extract larger fees. Clients, on the other hand, are normally satisfied when they have 

returns according to their expectations for the chosen level of risk, as long as they are 

assured that their assets are managed with an adequate level of prudence. 
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 In the case of “poor” management by institutions, a number of laws exist that 

involve penalties in the case of non-prudent behavior by institutions. This means that 

institutions may be liable towards their clients if their investment decisions are not 

deemed “prudent”. Some researchers argue that these laws have created a potential 

agency issue in the relationship between institutions and their clients. Badrinath et al. 

(1989) argue that, as institutional portfolio managers invest client money, they must not 

only be concerned with earning an adequate return on their portfolios, but also with 

ensuring that the securities in the portfolio are such that they will qualify as prudent 

investments. As a result, these researchers argue that institutions involved in managing 

clients’ assets may choose to adjust their investment decisions in order to protect 

themselves from potential liabilities that may arise from their relationship with clients 

(i.e. they may decide to allocate their portfolios to more “prudent” stocks, or stocks that 

can more easily be explained as “prudent” investments, instead of merely using the 

premise of best returns for the chosen level of risk). Institutions are aware that, in the 

case of “non-prudent” management, they may be subject to legal action by their clients. 

 The issues described above, and others that we further describe later, are the focus 

of our analysis. The scope of this paper is therefore to understand institutional financial 

decision making, focusing on European investment funds. We are primarily concerned 

with the stock characteristics that investment funds take into consideration when 

choosing which stocks to hold. In addition we discuss whether investment management 

choices reflect to “prudent” behavior from institutions. 

 The set of criteria that institutions use to select stocks is the main issue under 

study in this investigation. We are interested in finding out why European investment 

funds favor certain stocks relative to others. With this goal in mind, we analyze stock 

European investment fund preferences from different points of view: first, we search for 

the stock characteristics that are most appealing to institutions (such as company size, 

volatility and others). Second, we try to validate up to which extent institutions exhibit 

“prudent” behavior when managing their portfolios. Third, we try to relate institutional 

preference with other factors that may help explain their preferences. We test for 

differences in preferences across stock market geographic location, across fund 

investment styles, and when investing in domestic or foreign stocks. 
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 Our sample includes European investment funds from 15 countries. With this 

investigation we contribute to fill a gap on the literature research, since studies in this 

area have looked mainly at the preferences of institutional investors in the U.S. market. 

 This paper serves a number of purposes. First we document the variables that 

European investment funds take into account when managing their portfolios and 

compare and contrast our results with previous studies for other markets. We verify 

whether European investment funds follow the same set of criteria to select stocks as, 

for instance, U.S. based institutions. Another motivation is related with possible 

agency-related issues on the relation between institutions and their clients. By searching 

for evidence of “prudent” behavior by institutions, we allow individual investors for 

better judgment when conceding their money for management by institutions. In 

addition, our analysis may be useful for the regulation and supervision of prudent-man 

laws, since our results contribute to provide insight regarding the potential impact that 

these regulations could have on investment decisions and ultimately on financial 

markets. 

 Overall, we find evidence that European investment funds tend to prefer larger, 

more liquid, high dividend, low volatility stocks that belong to the main stock market 

indices; and that funds tend to be averse to stocks with higher 12-month momentum. 

These results are generally consistent with theories supporting “prudent” behavior by 

institutional investors (see, for instance, Badrinath et al. (1989)) and with previous 

studies that analyze preferences of institutional investors for stocks (see, for example, 

Falkenstein (1996) and Gompers and Metrick (2001)). Our results are also robust to 

“outlier” funds, which are funds that either have a small number of positions (less than 

15) or own unusually high shareholdings (50% or more outstanding shares of a 

company). 

 We also analyze European investment fund preferences for geographical regions. 

We find weak or inconclusive results that investment funds prefer stocks from the so-

called PIIGS countries (Portugal, Ireland, Italy, Greece and Spain) relative to stocks 

from other countries; and results are also inconclusive on whether funds prefer stocks 

from Euro-adopted countries relative to stocks from other European countries; we find 

that funds in PIIGS countries and funds located in non-PIIGS countries have similar 
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preferences. Our evidence suggests further that while funds located in Euro-adopted 

countries tend to prefer stocks with higher prices, funds located in non-Euro countries 

tend to avoid high priced stocks. 

 Analyzing preferences by investment style, our results suggest that the preferences 

of funds with Growth, Value and other styles do not substantially differ from each other. 

As for fund turnover, we find evidence that funds that have low turnover (more inclined 

to long-term horizons) exhibit more strictly preferences towards “prudent” stocks than 

funds with high turnover. Comparing preferences when investing in domestic and 

foreign stocks, in general we find that funds select similar stock characteristics when 

choosing domestic and foreign stocks. However, we find evidence that when funds 

invest domestically they tend to hold low-priced stocks, whereas when they invest in 

foreign markets they exhibit positive preference for stocks with high prices. 

 Finally, our results suggest that book-to-market is not relevant in explaining 

European investment funds’ preferences for stocks. 

Comparison with previous studies 

 As referred above, our results are generally consistent with previous studies that 

analyze preferences of institutional investors for stocks. Yet, there are a few important 

distinctions. First, our results are in line with previous studies by Falkenstein (1996) and 

Gompers and Metrick (2001) in that all three studies show institutional preference for 

size and liquidity, and aversion to momentum. In addition, our results and those by 

Gompers and Metrick show preference for stocks included in the main stock market 

indices (Falkenstein does not include this variable in his study). 

 We also find that stock return variance is statistically significant and its 

coefficient has a negative sign. This is similar to the results presented by Falkenstein but 

not to those found by Gompers and Metrick. While this variable is found statistically 

significant by these authors, their evidence suggests investment funds prefer high 

variance stocks. 

 Finally, our results are not consistent with these studies for the characteristics 

price, dividend yield, age and book-to-market. Price is found statistically significant 
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both in our investigation and in those studies, but while we find a negative coefficient, 

the two previous studies find the opposite effect; the same is observed for dividend 

yield, except that signs are in opposite directions (our results show a positive sign, while 

Gompers and Metrick find a negative sign; Falkenstein does not use this variable in his 

analysis); and while we find that age and book-to-market are not significant in most 

estimations, the above studies find that these variables are statistically significant and 

positively related with institutional holdings, even though in Falkenstein’s study book-

to-market is only statistically significant in one of the two samples used. 

 

2. Literature Review 

2.1. Preferred Stock Characteristics by Institutional Investors 

 The study of institutional preference has led researchers to search for the reasons 

why institutions favor certain stocks relative to others. In an example of this type of 

research, Falkenstein (1996) finds that mutual fund stock holdings increase with share 

price, volatility, liquidity, level of publicized news stories, time since the stock was first 

listed, and firm size. As proxy for volatility, this researcher uses standard deviation and 

variance of returns; and for liquidity he uses transaction volume divided by quantity of 

shares outstanding. Two comments, however, are relevant here: firstly, according to the 

author, the relationship between mutual fund ownership and the variables of share price, 

level of publicized news stories and time since the stock was first listed may best be 

explained, not by a simple positive relation, but rather by an aversion to respectively 

low-priced stocks (under $5), stocks that are very rarely in the news, and stocks that are 

newly listed. The second important comment is for volatility: this variable is indicated 

as having a nonlinear relationship with fund preferences, due to the fact that standard 

deviation and variance show respectively a positive and a negative coefficient with 

mutual fund ownership. 

 Falkenstein’s study also includes beta as a variable on the analysis but finds a 

mere weak relation between beta and mutual fund ownership. This author uses mutual 

fund equity holdings data on NYSE and AMEX for the years 1991 and 1992. 
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 Other subsequent studies extend this type of analysis to additional variables. A 

study of Gompers and Metrick (2001) includes past returns as an independent variable 

and finds that institutions primarily show demand for “large, liquid stocks that have low 

past returns”. This study uses firm size, stock turnover and stock price as proxies for 

liquidity, whereas for past returns it uses the 3-month and 9-month figures. According 

to this study, institutional ownership is positively correlated with all these variables, but 

for momentum (for both 3-month and 9-month measures) the coefficient is negative 

whenever size is included in the regression. Also, this study includes book-to-Market
1
 

and finds that it is significantly related with institutional ownership, most of the time 

positively. In their study, Gompers and Metrick (2001) use NYSE, AMEX and 

NASDAQ common stock holdings data of institutions with assets above $100,000 under 

discretionary management from 1980 to 1996. 

 Finally, other investigations show results similar to the ones above. Bennet et al. 

(2003), for instance, analyze NYSE, AMEX and NASDAQ data for March 1983 

through end of 1997 and find that institutional ownership increases with firm size, time 

since the stock was first listed, price, liquidity, and momentum, and has weak or mixed 

relationship with beta and standard deviation. 

 Research on institutional ownership preferences based on European financial 

markets is somewhat scarce. Nevertheless, Khurshed et al. (2011), using a sample of 

UK firms, find that institutional block holders (which are large company shareholders) 

prefer to invest in companies with lower directors’ ownership and higher non-executive 

director presence on the board. These researchers also find evidence of a negative 

relationship between block holder presence and firm size, meaning that block holders 

prefer small stocks relative to large stocks. 

 

2.2. Prudence by Institutions and Prudent-man Laws 

 A great part of institutions involved in discretionary asset management operate 

using capital that belongs to clients. Many times, these institutions merely act as agents 

(i.e. they only invest capital provided by others, not their own). In this case, the 
                                                           
1
 The book-to-market is given by the ratio of a firm’s book value of common equity to its market value. 
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relationship between institutions and their clients is said to be one of fiduciary nature, a 

contract in which one party operates in representation of another. In this fiduciary 

relationship, operations by institutions are governed by rules and regulations that 

purport to protect clients’ interests. These rules are called “Prudent-man laws” and aim 

to regulate the action of fiduciary agencies so that the money they are entrusted to invest 

is managed in an adequate way (i.e. a proper level of risk is considered in terms of asset 

protection and expected return). In the case of “poor” management, these rules may 

hold institutions responsible for the liability suffered by clients, possibly enabling these 

clients to claim compensations from fiduciaries. 

 Prudent-man laws, therefore, seem positive for clients, increasing their “control” 

over institutions. On the side of institutions, however, these laws may introduce risks 

and costs, and add uncertainty to the business decisions these institutions take. 

Managers of these institutions are aware of these rules, and may decide to take them 

into account when operating client money. Specifically, they may see interest in 

protecting themselves from the potential liability that comes from the effect of Prudent-

man laws. Badrinath et al. (1989) argue that these managers may, for instance, 

concentrate their stock investment on a fraction of the total universe of firms, investing 

on the ones that provide the best “safety-net” in case of legal action moved against 

them.  In effect, these researchers suggest that a portfolio manager “not only considers 

the usual criteria in making investment choices, but also pay attention to whether the 

investment choices would be considered by others to be those made by a well-informed 

and prudent individual.” (Badrinath et al., 1989, 627) These researchers argue that 

Prudent-man laws, and the effects they might bring, can considerably influence 

institutional decisions as they manage clients’ assets.  

 In the same paper, those authors find evidence that in their view strengthens the 

hypothesis of a “safety-net” biased criterion for selecting stocks by institutions. They 

find a positive relationship between institutional ownership and firm size, past 

performance, liquidity, time since the stock was first listed, and an aversion to stocks 

with high volatility. These results may constitute evidence of prudent behavior from 

institutional managers, by focusing on stocks that are more easily explainable as 

“prudent”. Furthermore, these authors emphasize other reasons why managers might 
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feel an incentive to protect themselves from potential liability: during times of inferior 

portfolio performance, managers face the possibility of client loss, changes in the 

remuneration scheme, or penalties if their actions are deemed to be imprudent, therefore 

have an additional incentive to protect themselves by choosing “prudent” stocks. 

 Another side of this discussion is that different institutions may have different 

levels of prudence. Bank managers, for example, are subject to rigorous prudence 

standards because they invest on behalf of private trust and pension plan clients. As 

referred previously, empirical data suggests that bank managers tilt their portfolios 

towards stocks that they perceive as prudent to protect themselves from potential 

liabilities (Del Guercio, 1996). Also, mutual funds, according to the same study, are 

subject to less restrictive prudence standards, and are not so inclined to protect 

themselves by tilting their portfolios towards more “prudent” stocks. 

 

2.3. Additional Topics in Institutional Preferences 

 Herding and trend-following are two other extensively researched factors that 

influence institutional stock holdings. Herding refers to “any mass movement into 

particular stocks for whatever reason”, as defined by Falkenstein (1996, 112). It 

happens when investors trade the same stock in the same direction over a period of time. 

Trend following, also called positive-feedback trading, is, according to the same author, 

a “specific type of herding by mutual funds that involves a large group of funds chasing 

stocks that have recently risen in value.” (Falkenstein, 1996, 112) Researchers have 

focused their investigation on these group behaviors in order to better understand their 

impact on the securities markets, for instance in analyzing possible price destabilizing 

behavior by institutional investors. 

 Three popular theories are described in the literature as explaining why 

institutions seem to exhibit them. First, a number of authors emphasize reasons related 

with irrational behavior and/or mass psychology. These authors argue that financial 

institutions usually “follow the herd”, investing in certain stocks merely because other 

institutions also did, thus mimicking each other. Reasons advocated for this behavior 

are, for instance, concerns from managers of these institutions about their reputation in 



10 
 

the labor market, fearing that, if they follow a strategy of their own (without following 

others), they might be perceived as “lone fools” if the market goes against them 

(Sharfstein and Stein, 1990). On the other hand, if they follow what the other 

institutions are doing and the market goes the other way, the damage to their reputation 

will not be as significant because the loss will be shared by all institutions. As a result, 

institutions tend to mimic investment decisions made by their peers, which strengthens 

the argument in favor of the “behavior of the herd”. 

 This view of group behavior is further supported by other authors. Banerjee 

(1992) suggests that these behaviors are rooted in everyday life-learned habits, arguing 

that the common person takes decisions based on what others around her are doing. This 

investigator cites several examples of daily living to support this argument, such as 

deciding what restaurant to go to, what school to attend or in which party to vote, 

decisions that one often takes based on what others did or are doing in the same 

situation. This author suggests that the same principle (denominated as cascade 

behavior) is valid for the process of investment decision making in financial institutions. 

 Supporting the view of group behavior, Welch (1992) provides the example of 

later investors on IPO sales. He asserts that these investors tend to invest on the IPO if 

earlier investors already did so, and to avoid investing if those did not, thus contributing 

to the “view of the herd”. 

 Other researchers suggest alternative reasons. Falkenstein (1996), for instance, 

emphasizes that mass behaviors on the part of institutions may be observed when stocks 

display certain characteristics. This author finds a strong aversion to low-priced stocks 

(stocks under $5) by mutual funds, due mostly to transaction costs reasons. However, on 

the same study, this researcher finds that, as stock prices rise above $5, mutual funds 

become more inclined to buy them. This tendency to start buying, which this researcher 

considers herding, would of course be unrelated to “irrational” or group mimicking 

behaviors. 

 Finally, other reasons that may cause institutions to herd together is that they 

might receive correlated private information (Hirshleifer et al., 1994), and especially if 

they engage in short-term speculation (Froot et al., 1992). These latter researchers argue 
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that short-term speculators base their decisions on the perceptions of what other traders 

are doing, thus have the tendency to herd. 

 Additional insight into herding and positive-feedback trading is given on other 

studies. First, Lakonishok et al. (1992) find that pension fund managers herd relatively 

little in their trades in large stocks, and Grinblatt et al. (1995) find relatively little 

herding by mutual funds, although they find that the majority of mutual funds use 

positive-feedback trading strategies to select stocks. Wermers (1999) finds low levels of 

herding in trades on the average stock by mutual funds, but finds much higher levels 

among small stocks. Also, looking at subgroups of mutual funds, this researcher finds 

higher levels of herding among growth-oriented funds than among income funds, and 

also finds evidence of positive-feedback trading among growth-oriented funds. In 

studies done on European financial markets, Walter and Weber (2006) find evidence of 

herding and positive-feedback trading on German-based mutual funds, and further 

hypothesize that these herding behaviors are to a great extent the result of shared data 

between funds, therefore not the result of group mimicking or “irrational” behavior. On 

another paper, Wylie (2005) studies a data sample of U.K. equity mutual funds and, in 

accordance to some of the studies referred above, finds evidence of herding especially 

in small stocks. Contrasting to other studies, however, this researcher finds evidence of 

herding also in the largest stocks. Also, curiously, this author finds evidence of 

contrarian behavior on large stocks on the part of U.K. mutual funds. In other words, 

U.K. mutual funds seem to herd out of stocks with positive one-year excess returns 

relative to benchmarks, and to herd into stocks that had low excess one-year returns. 

This contrasts with U.S. mutual funds, which are known to be primarily momentum 

investors, buying on positive returns and selling on negative returns. In studies for less 

mature markets, Lobão and Serra (2002) test for herding behavior in Portugal and find 

strong evidence of herding, about 4 to 5 times the level observed in mature markets like 

the U.K. and the U.S., as described in previous studies. Also, Agudo et al. (2008) test 

for herding in Spain and also find strong levels of herding, considerably higher than for 

levels observed in other studies for the U.K. and the U.S.. 

 In terms of the impact of herding and trend-following by institutions in the stock 

markets, Lakonishok et al. (1992) find that pension fund herding on stock market prices 



12 
 

has only a small impact. On a contrary view, Nofsinger and Sias (1999) document a 

strong relationship between annual changes in institutional ownership and stock returns. 

On another study, Wermers (1999) finds evidence that mutual fund herding speeds the 

price-adjustment process and, therefore, is not destabilizing. Walter and Weber (2006) 

find that herding on German mutual funds seems neither stabilizing nor destabilizing on 

stock prices, and similar conclusions are taken by Wylie (2005), who finds that mutual 

fund herding in the U.K. does not seem to substantially affect future prices. 

 

2.3.1. Latest Trends in Institutional Preferences 

 Studying institutional ownership preference trends is important to investigate the 

possible impact of these changes on the stock markets. Some effects that can be 

originated are in trading activity, volatility, and also on the stability of prices. Also, 

another important reason is to understand certain stock market phenomena, such as the 

so-called small-stock premium. This effect, which is a documented superior 

performance of small stocks over large stocks even after controlling for risk, and which 

prevailed through several decades (see, for instance, Banz (1981)), has reversed in 

recent years, according to Gompers and Metrick (2001). These researchers argue that 

the observed reversal in the small-stock premium is related with trends in institutional 

ownership. We detail the reasons in the next paragraphs. 

 In a study of recent trends in institutional ownership preference, Bennet et al. 

(2003) analyze US institutional ownership data between 1983 and 1997 and document 

that institutional investors, whose interest has been primarily for larger stocks 

throughout the decades, have in recent years shifted their portfolios towards smaller 

stocks. These researchers conclude that this observed shift was due to changes in the 

preferences of institutional investors, rather than to other factors like changes in the 

relative importance of different investor types. In a subsequent study, Blume and Keim 

(2011) further document increasing smaller firm stock holdings on the part of 

institutions until 2008, and add that this shift in asset allocation is especially visible on 

hedge funds. 
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 Such a shift in the preferences of institutions is historically uncommon, and 

naturally raises the question of what could be causing it. One reason, as suggested by 

Bennet et al. (2003), is that a temporal decline in transaction costs could have motivated 

an increased interest in smaller firms. But perhaps a better reason, also suggested by 

these researchers, is related with the institutional growth that is documented by several 

researchers already mentioned in this document (see, for instance, Friedman (1996), 

Blume and Keim (2011) and Gompers and Metrick (2001)). This growth was, according 

to Bennet et al., focused on large stocks, causing an increase in prices of these stocks 

(assuming imperfect elasticity). As prices of large stocks rose, these researchers suggest, 

this may have caused institutions to look for better opportunities, which in this case 

could be found among smaller stocks. 

 As a side note, this institutional growth is, according to Gompers and Metrick, 

one of the primary reasons that caused the disappearance of the small-stock premium 

referred earlier. With the rising prices of large stocks, the returns of these stocks 

outperformed the ones for small stocks. To support this hypothesis, these researchers 

find that the common stock market share of institutional investors nearly doubled in 

U.S. markets between 1980 and 1996, representing a sharp institutional growth over this 

time frame. According to these authors, this was a gradual but steady shift that took 

place over this time frame. 

 The extent to which investors balance their portfolios between domestic and 

foreign equities (and securities in general) has been subject of considerable academic 

debate in recent decades. Researchers have searched for the causes of the so-called 

“Home Bias”, a phenomenon in which investors tend to invest domestically rather than 

in foreign markets. This is a puzzling result given that investing in foreign securities 

provides potential gains in diversification (see, for instance, Grubel (1968), Levy and 

Sarnat (1970), Solnik (1974) and more recently Grauer and Hakasson (1987), French 

and Poterba (1991) and Santis and Gerard (1997)). Thus, the persistence of the “Home 

Bias” effect even when potential gains by foreign investment exist implies that other 

factors offset these gains, from a fund manager’s viewpoint.  
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 Several hypotheses have been considered by researchers to try to explain the 

home bias phenomenon. In this paper, in order to save space, we do not elaborate 

regarding these hypotheses. 

 

2.3.2. Other Motivators for Institutional Preference 

 Competition between peers can also drive institutional behavior. Alves and 

Mendes (2010) show that mutual funds tend to overweight stocks issued by their parent 

company and underweight those of competitors. These authors further find that funds 

especially buy stock of their parent company when there is widespread selling, and 

continue to hold those stocks during low performance periods. In addition, these 

researchers find evidence that this potential agency issue is costly to funds, since the 

stock of their parent company underperforms the stock of competitors after funds have 

acquired their parent company’s stock. 

 

3. Empirical Study 

3.1. Data 

 The data sample used was generated from two separate databases. European 

fund composition data was extracted from Thomson Reuters’ One Banker – Ownership 

module database. Stock level data was extracted from Thomson Reuters’ Datastream 

and Thomson Reuters’ Datastream Worldscope databases. From Thomson Reuters’ One 

Banker database, we used the fund composition information from a total of 15 different 

European countries (listed later on this section). The data from a total of 984 funds was 

available for the time frame between 1997 and 2011, from which we used Quarter 1 

data from 2008 and 2011. We did so for simplicity reasons in terms of database usage. 

Note that the choice of using only 15 of the total number of countries in Europe was due 

to database constraints (no more data was available). 

 From Thomson Reuters’ Datastream / Datastream Worldscope database, we used 

the stock ownership information for the same 15 countries, which totaled 5758 different 
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common stocks. Thomson Reuters’ Datastream Worldscope is a module within 

Thomson Reuters’ Datastream database that contains information concerning the 

financial accounts of listed companies. 

 

3.2. Methodology 

3.2.1. Empirical Specification 

 We use a censored model to analyze institutional ownership by stock 

characteristics as given by the following equation: 
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where    represents the main variable under study (institutional ownership),   
  

represents the latent variable under study, and the explanatory variables    represent the 

stock characteristics: price, size, volume percentage, and the remaining variables. 

 The fund composition data reported on Thomson Reuters’ One Banker database 

contains only long positions. In other words, no fund reported any short position in the 

whole spectrum of data on the database. However, a great part of stocks were found to 

have zero ownership by institutions (more than 40% of available stocks). This high 

percentage of stocks not owned by any institution needs to be taken into account in the 

choice of the model. Ordinary Least Squares model estimates would likely be biased 

and inconsistent due to the potential high impact caused by these stocks. Therefore, we 

use a censored model since this potential drawback is avoided with this type of 

specification. We decided to use the standard Tobit model (Tobin, 1958) left censored 

on 0 and right censored on 100.  

 Falkenstein (1996) and Gompers and Metrick (2001) have reported 

heteroscedasticity, or the existence of sub-populations with different variances on the 

data samples analyzed, in their analyses. We have also found evidence of 

heteroscedasticity on the data samples used in our analysis.  The existence of 
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heteroscedasticity in these samples is somewhat expectable, given the large sample of 

data (several thousands of stocks) and the wide spectrum of values that some of the 

stock characteristics under analysis can assume (e.g. small and large companies; small 

and high trading volumes; stock prices with much diversity). Given the importance of 

heteroscedasticity on the estimation of regression residuals, our analyses of inference 

use Huber-White standard errors and covariance (Huber, 1967; White, 1980). 

 The variable under analysis is Institutional Ownership (IO), which represents the 

fraction of each stock that is owned by European investment funds, in percentage. To 

compute this variable, on a first step we sum the percentage ownership by each fund for 

each stock. The result is the total holding percentage of each stock by institutional 

investors. Whenever any stock is not held by any institution, we set its ownership 

percentage to zero. On a second step, to linearize the variable we sum 1 (one) to the 

calculated value and take the natural logarithm of the resulting value. We follow the 

same calculation procedure as used by Falkenstein (1996). The dependent variable is 

therefore calculated as follows: 

            , 

 

where       ∑
                                  

                              
     

    

 

 We use a number of explanatory variables that correspond to the stock 

characteristics of the stocks in our samples. The list of variables considered is found 

below. All variables are measured right before the beginning of the time interval 

considered for each data sample (on December 31
st
, 2007 for sample 2008-Q1 and on 

December 31
st
, 2011 for sample 2011-Q1). 

a) PRICE: Price of the stock, expressed in Euros. For securities traded in other 

currencies, their price is converted at the close price of the respective exchange 

rate on the corresponding date. 

b) SIZE: Market Capitalization, also expressed in Euros, if necessary converted 

using the same procedure. 
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c) LIQUIDITY: As proxy for liquidity we use turnover, i.e., the transaction volume 

percentage, calculated by the number of traded stocks during the last month 

prior to the beginning of the data sample divided by the number of shares 

outstanding at the beginning of the data sample. For example: for the 2008-Q1 

data sample, this variable is the number of traded stocks during December 2007 

divided by the number of shares outstanding on December 31st, 2007. 

d) AGE: number of months since the stock was first time listed. In case more than 

one share type exists for a company, or if the company has stocks issued in more 

than one exchange, we use the age of the domestic or home shares. 

e) 12-month MOMENTUM: 12-month return, including dividends paid, expressed 

in percentage.  

f) DIVIDEND YIELD: Dividend distributed on the same year as the data sample, 

expressed in percentage of market price at the beginning of the quarter under 

analysis. 

g) BTM (Book-to-Market ratio): the ratio of a firm’s book value of common equity 

to its market capitalization. 

h) VARIANCE: the variance of the monthly returns for the 24-60 months prior to 

the beginning of the quarter under study, depending on availability. This field is 

left empty for stocks with fewer than 24 months of past data (i.e. those 

observations are not used). 

i) DUMMY_STOXX600 (STOXX600 dummy): dummy variable that is equal to 1 if 

the stock belonged to the EURO STOXX 600 index at the beginning of the 

quarter under analysis, or equal to 0 (zero) otherwise. 

j) DUMMY_LOCAL_CTY (Main local indices dummy): dummy variable that is 

equal to 1 if the stock belonged to at least one of the main indices from the 

countries analyzed at the beginning of the quarter under analysis, or equal to 0 

(zero) otherwise. The list of indices considered are as follows: ATX for Austria, 

BEL20 for Belgium, OMX Copenhagen 20 for Denmark, OMX Helsinki 25 for 

Finland, CAC 40 for France, DAX for Germany, Athex 20 for Greece, ISEQ 20 

for Ireland, FTSE MIB for Italy, LuxX for Luxembourg, AEX index for The 

Netherlands, PSI-20 for Portugal, IBEX 35 for Spain, OMX Stockholm 30 for 

Sweden, FTSE 100 for the United Kingdom. 
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4. Results 

4.1. Preferred Stock Characteristics by Investment Funds 

 Table 1 shows the regression results for the entire sample of investment funds 

(for all the 15 European countries). Panel A contains the results for 2008-Q1 data 

sample and panel B for 2011-Q1. 

 Our results suggest that institutional ownership increases with SIZE, LIQUIDITY 

(using transaction volume percentage as proxy) and DIVIDEND YIELD, and decreases 

with PRICE, MOMENTUM, and VARIANCE of returns. All these variables except 

VARIANCE are statistically significant for all estimations. Also, surprisingly, the 

dummy variables for presence in the EURO STOXX 600 and in the local main country 

indices have negative coefficients, indicating aversion to stocks present in these indices. 

As we will see later in this section, this occurs because the largest companies that 

belong to indices seem to be negatively discriminated relative to the smaller companies 

in those indices in our results. In reality, controlling for this effect, coefficients on these 

dummy variables become positive, indicating preference for stocks that belong to the 

main stock market indices. Concerning the other independent variables, AGE and BTM 

are not statistically significant in almost all estimations. This means that it is not 

conclusive whether investment funds select high or low AGE or BTM stocks. 
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Table 1 – Regression for the Entire Sample of Investment Funds 
Independent variables were measured at the beginning of each of the analyzed quarters, 

dependent variable at the end. The definition of the dependent and the independent variables is 

available on section 3.2.1. Columns represent separate estimations. We use a Censored (TOBIT) 

model left censored on 0 and right censored on 100. We use Huber-White-corrected standard 

errors to compensate for Heteroscedasticity (Huber (1967), White (1980)) (t-Statistics in 

parentheses). 

  2008-Q1 data sample   2011-Q1 data sample 

Intercept -8.24* -8.21* -8.46*   -10.63* -10.54* -10.45* 

  (-24.99) (-24.40) (-27.54)   (-34.01) (-34.43) (-35.97) 

PRICE -0.26* -0.26* -0.26*   -0.29* -0.29* -0.29* 

  (-10.84) (-10.91) (-11.21)   (-11.94) (-11.88) (-11.44) 

SIZE 0.48* 0.48* 0.48*   0.58* 0.58* 0.59* 

  (26.94) (25.99) (27.13)   (33.75) (33.86) (34.80) 

LIQUIDITY 0.33* 0.28* 0.33*   0.33* 0.29* 0.33* 

  (9.93) (9.07) (9.96)   (9.49) (8.85) (9.82) 

AGE -0.06 -0.07*     0.07 0.06   

  (-1.84) (-2.10)     (1.95) (1.65)   

MOMENTUM -0.28* -0.27* -0.28*   -0.11* -0.12* -0.11* 

  (-4.24) (-4.12) (-4.26)   (-3.57) (-3.66) (-3.57) 

DIVYIELD 0.26* 0.25* 0.25*   0.18* 0.17* 0.19* 

  (7.10) (6.83) (6.90)   (5.04) (4.63) (5.15) 

BTM 0.14 0.12     -0.38 -0.32   

  (0.54) (0.48)     (-1.32) (-1.13)   

VARIANCE -4.29* -4.16* -4.29*   -2.37* -2.20* -2.28 

  (-3.29) (-3.28) (-3.32)   (-2.05) (-2.00) (-1.75) 

DUMMY_STOXX600 -0.79*   -0.80*   -0.96*   -0.94* 

  (-9.59)   (-9.76)   (-11.52)   (-11.20) 

DUMMY_LOCAL_CTY   -0.75*       -0.97*   

    (-9.09)       (-11.87)   

*Significant at the 5% level               

 

 As we further detail in section 4.2, the results on Table 1 suggest behaviors of 

“prudence” by investment funds. Supporting this argument is the observed positive 

preference for SIZE, LIQUIDITY, DIVIDEND YIELD, and also for the dummy variables 

that capture the presence in the main stock market indices. Also supporting this 

argument is the observed avoidance to stocks with higher VARIANCE of returns. 

 These results are generally in line with previous studies, at least for the most 

relevant variables. Falkenstein (1996) and Gompers and Metrick (2001) find that 

institutional preferences increase with Size and Liquidity, and also with presence in the 
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main indices (this last variable only for Gompers and Metrick’s study, since 

Falkenstein’s study does not include it). Nevertheless, the results for the other variables 

described above are not always in line with the results found by these authors. Although 

we find a positive relation between institutional stock preferences and DIVIDEND 

YIELD, Gompers and Metrick find a negative, statistically significant relation with 

institutional preference (Falkenstein does not use the variable Dividend Yield). As for 

VARIANCE, our results are in line with Falkenstein’s study but contrary to that of 

Gompers and Metrick, in that this variable is found positively related with investment 

fund preferences in the study of these authors. 

 Another result is the negative sign on MOMENTUM suggesting that investment 

funds are averse to stocks with recent higher returns. In other words, as stock returns 

increase, investment funds tend to lose their interest in buying those stocks, and as stock 

returns decrease, investment funds tend to be more inclined to buy them. This suggests 

that investment funds exhibit contrarian behavior, buying on low returns and not buying 

(or selling) on high returns. Falkenstein (1996) and Gompers and Metrick (2001) find 

similar results (although for the former researcher MOMENTUM is only found 

statistically significant for one of the two samples used). 

 Our results for AGE are somewhat surprising. Considering evidence of 

“prudent” behavior by investment funds, we would expect to find a statistically relevant, 

positive relation with institutional holdings, indicating that investment funds would 

prefer older, more mature companies. However, this variable was found not significant 

on almost all our estimations. Therefore, we find inconclusive results concerning 

institutional preferences regarding the age of stocks. These results are not similar to 

previous studies. Falkenstein (1996) and Gompers and Metrick (2001) find that this 

variable is statistically relevant and positively related with institutional ownership. 

 Our results further indicate that BTM is not statistically significant across all 

estimations; therefore it is inconclusive whether investment funds prefer or are averse to 

stocks with high or low BTM. This result is contrary to previous studies: Falkenstein 

(1996) and Gompers and Metrick (2001) find a positive relation between this variable 

and institutional holdings. 
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 Finally, we find that investment funds tend to avoid stocks with high prices. 

Evidence provided in the studies referred above shows the opposite: in both studies, 

Price is found statistically significant but with a positive relation with institutional 

ownership. 

 

Aversion to stocks that belong to stock market indices 

 The negative coefficients on the dummy variables for presence on the main stock 

market indices suggest that European investment funds demonstrate aversion to stocks 

that belong to these indices, even after the other characteristics have been controlled for. 

This is contrary to our expectations, as one would expect funds to favor stocks that 

belong to the main indices relative to others. Seeking to further understand this 

phenomenon, we added additional variables to capture the SIZE effect within the stocks 

that belong to indices. We include one variable for the EURO STOXX 600 dummy and 

another one for the local stock market indices. 

 Table 2 shows the results of this analysis. These new variables are called 

SIZE*DUMMY_STOXX600 for the EURO STOXX 600 index and 

SIZE*DUMMY_LOCAL_CTY for the country local indices. When these cross 

variables are added to the regressions, their coefficient is negative and the coefficients 

on the corresponding index dummy variables become positive. In other words, when we 

control for influence of SIZE on the dummy variables for presence in indices, we find 

that investment funds do prefer to invest in stocks that belong to those indices. As long 

as we control for this factor, the SIZE influence on the dummy variables is no longer 

visible. 

 

Analysis excluding outliers 

 A closer look at the considered data samples suggests that there are some 

“outlier” funds. We define an “outlier” fund as one that meets at least one of the 

following two criteria: (a) a fund having less than 15 positions in total in its portfolio, 

and (b) a fund owning at least one position with 50% or more shares outstanding of a 
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specific company. With this analysis we examine whether (a) small funds or funds 

highly concentrated or (b) possible isolated cases of sizeable ownership by investment 

funds motivated by final investor’s profile could significantly influence the results we 

report on Table 1. 

Table 2 - Regression controlling for Size on Index Dummy Variables 
From the results obtained for the entire samples of investment funds, we add two additional 

variables to control for Size in the index dummy variables. Independent variables were 

measured at the beginning of each of the analyzed quarters, dependent variable at the end. The 

definition of the dependent and the independent variables is available on section 3.2.1. Columns 

represent separate estimations. We use a Censored (TOBIT) model left censored on 0 and right 

censored on 100. We use Huber-White-corrected standard errors to compensate for 

Heteroscedasticity (Huber (1967), White (1980)) (t-Statistics in parentheses). 

  2008-Q1 data sample   2011-Q1 data sample 

Intercept -8.62* -8.63*   -11.23* -11.19* 

  (-25.23) (-24.46)   (-34.83) (-35.26) 

PRICE -0.27* -0.27*   -0.31* -0.31* 

  (-11.17) (-11.29)   (-12.41) (-12.56) 

SIZE 0.50* 0.51*   0.62* 0.62* 

  (26.90) (25.78)   (34.38) (34.59) 

LIQUIDITY 0.31* 0.26*   0.31* 0.27* 

  (9.23) (8.29)   (9.07) (8.10) 

AGE -0.07 -0.07*   0.07* 0.07 

  (-1.89) (-2.01)   (1.97) (1.83) 

MOMENTUM -0.27* -0.27*   -0.12* -0.12* 

  (-4.04) (-4.10)   (-3.70) (-3.74) 

DIVYIELD 0.25* 0.24*   0.17* 0.16* 

  (6.69) (6.66)   (4.71) (4.57) 

BTM 0.10 0.01   -0.40 -0.40 

  (0.37) (0.48)   (-1.39) (-1.37) 

VARIANCE -4.12* -3.95*   -2.20 -2.03 

  (-3.26) (-3.23)   (-1.95) (-1.91) 

DUMMY_STOXX600 7.13*     11.83*   

  (8.37)     (14.49)   

SIZE*DUMMY_STOXX600 -0.35*     -0.57*   

  (-9.35)     (-15.74)   

DUMMY_LOCAL_CTY   6.23*     9.73* 

    (6.65)     (12.48) 

SIZE*DUMMY_LOCAL_CTY   -0.31*     -0.48* 

    (-7.45)     (-13.74) 

*Significant at the 5% level           
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 Table 3 shows the results for the estimations excluding the “outlier” funds. For 

the sample 2008-Q1, we excluded 147 funds that had less than 15 positions and we 

excluded a total of 5 funds that owned at least 50% of a company’s shares. For the 

sample 2011-Q1, we excluded 165 funds that had less than 15 positions and 4 funds that 

had positions above 50% of company outstanding shares. From Table 3 we conclude 

that the results are very similar to the ones found for the entire sample of funds
2
. The 

coefficients have the same sign as before and are statistically significant in all cases. 

Therefore, we can conclude that the main results are not contaminated by “outliers”. 

                                                           
2
 We exclude the dummy variable for inclusion in the local stock market indices DUMMY_LOCAL_CTY 

and its cross variable with SIZE (SIZE*DUMMY_LOCAL_CTY).  Unreported results indicate that the 

results are similar using these variables. 
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Table 3 - Regression Results for entire Sample, Outliers excluded 
Starting from the entire sample of investment funds, we exclude the ones considered “outliers” 

and re-generate the estimations. An outlier is a fund that fulfills at least one of two criteria: (a) 

having less than 15 positions in total in its portfolio, and (b) owning at least one position with 

50% or more shares of a specific company. Independent variables were measured at the 

beginning of each of the analyzed quarters, dependent variable at the end. The definition of the 

dependent and the independent variables is available on section 3.2.1. Columns represent 

separate estimations. We use a Censored (TOBIT) model left censored on 0 and right censored 

on 100. We use Huber-White-corrected standard errors to compensate for Heteroscedasticity 

(Huber (1967), White (1980)) (t-Statistics in parentheses). 

  2008-Q1 data sample 2011-Q1 data sample 

Intercept -8.64* -11.22* 

  (-25.25) (-34.75) 

PRICE -0.27* -0.31* 

  (-11.74) (-12.48) 

SIZE 0.50* 0.62* 

  (26.88) (34.11) 

LIQUIDITY 0.31* 0.32* 

  (9.39) (9.24) 

AGE -0.06 0.08* 

  (-1.68) (2.15) 

MOMENTUM -0.27* -0.12* 

  (-4.08) (-3.65) 

DIVYIELD 0.25* 0.17* 

  (6.69) (4.78) 

BTM 0.09 -0.43 

  (0.34) (-1.47) 

VARIANCE -4.26* -2.27* 

  (-3.27) (-1.96) 

DUMMY_STOXX600 7.19* 11.85* 

  (8.43) (14.54) 

SIZE*DUMMY_STOXX600 -0.36* -0.58* 

  (-9.43) (-15.80) 

*Significant at the 5% level     

 

 

4.2.  Evidence of “Prudent” Behavior 

 The findings in section 4.1 revealed that investment funds analyzed in our study 

prefer investing in larger, more liquid stocks and stocks that belong to indices and that 

pay higher dividends. This statement is generally in line with evidence related with 
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investment in “safer” and “more prudent” stocks that we founded in section 2.2. After 

all, larger companies tend to be more mature and more well-known than smaller 

companies, and to have less probability of bankruptcy; higher levels of liquidity mean 

that these stocks are more easily negotiable; and stocks that belong to indices are 

associated with higher levels of reputation, popularity and credibility. All these factors 

help solidify theories of more “prudent” behavior by institutions since they can easily be 

used by institutions to argument in favor of an adequate investment policy, in the case 

of any legal action moved against those institutions. 

 

4.3. Preferences by Region 

 The results discussed so far allow us to take conclusions about the general 

preferences of European investment funds. We now make additional analyses based on 

subsamples of funds or stocks so as to reveal other patterns of differences across sub-

categories of funds. 

 An interesting analysis to complement the results already obtained is to verify 

whether funds exhibit geographical preferences. In this sub-section we test for 

preference or aversion to the subset of PIIGS countries (Portugal, Ireland, Italy, Greece 

and Spain). These countries received this designation for public finance imbalances that 

became evident after the recent European financial crisis. In addition to this fact, PIIGS 

can be distinguished from other European countries because they are located in the 

periphery of Europe. Most of them are southern European countries, while Ireland is 

situated on the northwestern area of Europe, but in any case all are away from the center 

of Europe. With this analysis we intend to investigate whether these factors influence 

the financial decisions of investment funds. In addition, another possibility for analysis 

is to investigate whether the recent financial crisis that affected Europe in any way 

changed investment funds preferences for stocks on these countries. We can perform 

this analysis by comparing the preferences between the 2008-Q1 and 2011-Q1 data 

samples. 

 Table 4 displays the results of this analysis. Starting with the base variables (i.e. 

the variables already covered), we add two additional ones. The first one, that we’ve 
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called PIIGS, is a dummy variable that assumes the value of 1 for stocks domiciled in 

the PIIGS countries and 0 otherwise. The second variable is the product between that 

variable and the variable SIZE. The objective of the second variable is to control for 

SIZE on the stocks domiciled on the PIIGS countries. As seen previously on section 4.1 

for the dummy variables for presence in the main indices, not controlling for SIZE could 

lead to erroneous conclusions. 

 The results are somewhat mixed. After controlling for SIZE among the stocks 

that are domiciled on the PIIGS countries, the coefficient on the PIIGS variable 

becomes positive. However, this variable is only statistically significant for the 2011-Q1 

data sample with a relatively low coefficient-to-standard error ratio. Therefore, there 

seems to be weak evidence that European investment funds may prefer to allocate their 

portfolios to stocks of PIIGS countries
3
. 

                                                           
3
 Unreported analyses indicate that these results are similar including the cross variable for the EURO 

STOXX 600 dummy variable (SIZE* DUMMY_STOXX600). 
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Table 4 - Regression by PIIGS or non-PIIGS Stocks 
For each stock we add the dummy variable PIIGS. This variable assumes the value of 1 if the 

stock is located in a PIIGS country and 0 otherwise. Independent variables were measured at the 

beginning of each of the analyzed quarters, dependent variable at the end. The definition of the 

dependent and the independent variables is available on section 3.2.1. Columns represent 

separate estimations. We use a Censored (TOBIT) model left censored on 0 and right censored 

on 100. We use Huber-White-corrected standard errors to compensate for Heteroscedasticity 

(Huber (1967), White (1980)) (t-Statistics in parentheses). 

  2008-Q1   2011-Q1 

Intercept -8.54* -8.68*   -10.79* -11.00* 

  (-25.81) (-25.84)   (-34.51) (-34.62) 

PRICE -0.30* -0.30*   -0.33* -0.33* 

  (-12.34) (-12.35)   (-12.80) (-12.86) 

SIZE 0.51* 0.51*   0.60* 0.61* 

  (28.14) (27.81)   (33.94) (33.81) 

LIQUIDITY 0.34* 0.33*   0.32* 0.33* 

  (10.26) (10.20)   (9.43) (9.57) 

AGE -0.06 -0.06   0.07 0.06 

  (-1.60) (-1.71)   (1.91) (1.69) 

MOMENTUM -0.22* -0.23*   -0.15* -0.15* 

  (-3.42) (-3.52)   (-4.38) (-4.44) 

DIVYIELD 0.25* 0.25*   0.17* 0.18* 

  (6.77) (6.83)   (4.71) (4.94) 

BTM 0.14 0.10   -0.20 -0.20 

  (0.54) (0.50)   (-0.59) (-0.77) 

VARIANCE -4.92* -4.88*   -2.68* -2.65* 

  (-3.43) (-3.41)   (-2.02) (-2.00) 

DUMMY_STOXX600 -0.86* -0.85*   -0.98* -0.97* 

  (-10.77) (-10.50)   (-11.95) (-11.84) 

PIIGS -0.66* 0.58   -0.54* 1.36* 

  (-10.57) (0.97)   (-7.59) (2.42) 

SIZE*PIIGS   -0.06*     -0.10* 

    (-2.16)     (-3.50) 

*Significant at the 5% level 

 

 We also test for preference or aversion to stocks of companies in countries that 

belong to the Euro group. Out of the 15 countries considered in our analysis, 12 

countries have adopted the Euro (Austria, Belgium, Finland, France, Germany, Greece, 

Ireland, Italy, Luxembourg, Netherlands, Portugal and Spain). The countries that did not 

adopt the Euro are Denmark, Sweden and the United Kingdom. With this analysis we 
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aim to investigate whether the adoption of the single currency has had any effect on 

investment funds preferences. Table 5 displays the results of this analysis. As performed 

on the PIIGS analysis, we include a dummy variable for the countries that adopted the 

Euro and another variable for the product of this variable with variable SIZE. Again, the 

dummy variable takes the value of 1 if the stock is located in a Euro country and a value 

of zero otherwise. 

 

Table 5 – Regression by EURO or non-EURO Stocks 
We add the dummy variable EURO. This variable assumes the value of 1 if the stock is located 

in a country that belongs to the Euro Group and 0 otherwise. Independent variables were 

measured at the beginning of each of the analyzed quarters, dependent variable at the end. The 

definition of the dependent and the independent variables is available on section 3.2.1. Columns 

represent separate estimations. We use a Censored (TOBIT) model left censored on 0 and right 

censored on 100. We use Huber-White-corrected standard errors to compensate for 

Heteroscedasticity (Huber (1967), White (1980)) (t-Statistics in parentheses). 

  2008-Q1   2011-Q1 

Intercept -8.05* -8.41*   -10.04* -10.21* 

  (-25.07) (-20.82)   (-33.41) (-27.90) 

PRICE -0.15* -0.15*   -0.17* -0.17* 

  (-6.60) (-6.66)   (-7.13) (-7.12) 

SIZE 0.49* 0.51*   0.58* 0.59* 

  (28.22) (22.68)   (34.96) (28.57) 

LIQUIDITY 0.27* 0.27*   0.25* 0.25* 

  (8.40) (8.21)   (7.59) (7.59) 

AGE -0.08* -0.08*   0.04 0.03 

  (-2.26) (-2.35)   (1.04) (1.00) 

MOMENTUM -0.24* -0.25*   -0.17* -0.18* 

  (-3.80) (-3.88)   (-4.94) (-4.99) 

DIVYIELD 0.22* 0.22*   0.14* 0.15* 

  (6.25) (6.17)   (4.16) (4.18) 

BTM 0.15 0.16   -0.14 -0.14 

  (0.61) (0.62)   (-0.47) (-0.46) 

VARIANCE -4.11* -4.03*   -2.46* -2.41* 

  (-3.06) (-3.05)   (-2.03) (-2.01) 

DUMMY_STOXX600 -0.88* -0.88*   -1.02* -1.03* 

  (-11.13) (-11.18)   (-12.93) (-12.97) 

EURO -0.74* -0.10   -0.84* -0.51 

  (-14.01) (-0.23)   (-15.83) (-1.26) 

SIZE*EURO   -0.03     -0.02 

    (-1.60)     (-0.81) 

*Significant at the 5% level 
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 We also test for different preferences in funds according to their geographic 

domiciliation. Specifically, we analyze whether funds located in PIIGS have different 

preferences compared with funds located in non-PIIGS countries. 

 Table 6 shows the results. The majority of explanatory variables are still 

statistically significant in all or almost all cases, including SIZE, PRICE, LIQUIDITY, 

MOMENTUM, and the dummy variable for presence on the EURO STOXX600. The 

signs of the coefficients are also generally the same. The main difference is for 

Dividend Yield (statistically significant only for non-PIIGS countries, positive sign). 

Overall the results of this evaluation suggest that there are close to no relevant 

differences between investment fund preferences for PIIGS and non-PIIGS countries 

and also that no relevant changes occurred between the period before the Euro financial 

crisis and the one within the crisis. 
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Table 6 – Regression by PIIGS or non-PIIGS Fund Preferences 
Independent variables were measured at the beginning of each of the analyzed quarters, 

dependent variable at the end. The definition of the dependent and the independent variables is 

available on section 3.2.1. Columns represent separate estimations. We use a Censored (TOBIT) 

model left censored on 0 and right censored on 100. We use Huber-White-corrected standard 

errors to compensate for Heteroscedasticity (Huber (1967), White (1980)) (t-Statistics in 

parentheses). 

  2008-Q1   2011-Q1 

  PIIGS non-PIIGS   PIIGS non-PIIGS 

Intercept -7.06* -8.74*   -6.54* -11.32* 

  (-16.32) (-25.40)   (-17.01) (-34.31) 

PRICE -0.06* -0.26*   -0.09* -0.29* 

  (-2.62) (-10.68)   (-4.35) (-11.54) 

SIZE 0.30* 0.51*   0.31* 0.62* 

  (14.42) (26.70)   (15.78) (33.55) 

LIQUIDITY 0.18* 0.31*   0.02 0.34* 

  (5.06) (9.06)   (0.53) (9.64) 

AGE 0.00 -0.07*   -0.02 0.07 

  (0.00) (-2.07)   (-0.74) (1.92) 

MOMENTUM 0.09* -0.34*   -0.59* -0.08* 

  (2.15) (-4.95)   (-7.78) (-2.66) 

DIVYIELD 0.07 0.23*   -0.03 0.17* 

  (1.47) (6.11)   (-0.74) (4.77) 

BTM -0.04 0.12   0.43* -0.69* 

  (-0.10) (0.46)   (3.12) (-2.32) 

VARIANCE -7.27* -3.54*   -6.67* -1.97* 

  (-2.02) (-3.03)   (-3.49) (-1.97) 

DUMMY_STOXX600 2.47* 7.13*   5.07* 11.75* 

  (3.78) (8.24)   (8.71) (14.45) 

SIZE*DUMMY_STOXX600 -0.12* -0.35*   -0.23* -0.57* 

  (-4.02) (-9.13)   (-8.64) (-15.67) 

*Significant at the 5% level 

 

 We also tested for differences in preferences between investment funds located 

in Euro-countries and those in other European countries (Denmark, Sweden and the 

United Kingdom). The results (not reported to save space) are similar except for the 

variable PRICE. Further results suggest no substantial differences between EURO and 

non-EURO fund preferences before and after the financial crisis. 
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4.4. Preferences by Investment Fund Characteristics 

 We also compare investment fund preferences by investment style. Thomson 

Reuters categorizes investment funds into a total of 16 groups based on its specific 

knowledge of the historic investment behavior of these funds. These groups include 

Growth, Value, Yield, Sector specific, Mixed style and Hedge Funds, among other 

categories (Thomson Reuters (2013) provides a detailed description of each category it 

uses to categorize funds). Since several of these groups have only a small number of 

funds, and therefore are unsuitable for comparison purposes, we further grouped these 

categories into four classes of funds based on their description. The four final classes 

were Growth, Value, Specialty and Others.  

 Growth funds are funds that generally invest in mid or large capitalization and 

are willing to pay a premium in Price-to-Earnings ratio for growth over the long term. 

On the other hand, Value funds focus on buying companies at relatively low valuations 

when measured by the Price-to-Earnings ratio. These funds prefer companies that are 

undervalued when compared to the industry sector, the overall market or themselves at 

an earlier date. 

 Specialty funds, on the other hand, are one of the 16 groups defined by Thomson 

Reuters and are used to categorize a fund that does not meet the criteria for any of the 

other 15 investment styles. These may be funds that hold a particularly high 

concentration of a single stock or a very small set of stocks, or specialize in convertible 

securities. Specialty funds are the ones in the highest number, as categorized by 

Thomson Reuters. Finally, funds we classify as Others are the funds that do not meet 

any of the requirements described for the groups above (i.e. Thomson Reuters attributes 

them to other groups) but are not enough to be used on a comparison alone due to lack 

of observations. We include all these funds in this specific group. 
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Table 7 – Regression by Investment Style 
Independent variables were measured at the beginning of each of the analyzed quarters, 

dependent variable at the end. The definition of the dependent and the independent variables is 

available on section 3.2.1. Columns represent separate estimations. We use a Censored (TOBIT) 

model left censored on 0 and right censored on 100. We use Huber-White-corrected standard 

errors to compensate for Heteroscedasticity (Huber (1967), White (1980)) (t-Statistics in 

parentheses).  

 

 Table 7 shows the estimation results for the four instrument styles. Panel A 

contains the estimations for the 2008-Q1 data sample and panel B the estimations for 

the 2011-Q1 sample. Coefficients for almost all independent variables have the same 

signal; statistical significance is almost always the same and the absolute values are in 

the same range. The results suggest that regardless of the investment style, the preferred 

characteristics of funds are the same. 

Specialty Growth Value Others Specialty Growth Value Others

Intercept -7.61* -8.51* -7.15* -6.64* -9.79* -8.54* -10.11* -7.71*

(-24.22) (-24.50) (-27.26) (-23.66) (-30.43) (-28.95) (-34.88) (-25.31)

PRICE -0.22* -0.22* -0.08* -0.09* -0.29* -0.21* -0.10* -0.10*

(-9.98) (-8.98) (-5.20) (-4.76) (-12.57) (-9.34) (-5.66) (-4.81)

SIZE 0.41* 0.43* 0.35* 0.34* 0.51* 0.43* 0.50* 0.38*

(-23.95) (-23.13) (-25.11) (-21.33) (-29.47) (-26.7) (-30.95) (-22.75)

LIQUIDITY 0.32* 0.25* 0.21* 0.15* 0.36* 0.10* 0.27* 0.09*

(-10.35) (-8.42) (-9.58) (-6.2) (-11.39) (-3.26) (-11.54) (-3.4)

AGE 0.01 -0.01 -0.03 -0.08* 0.10* 0.05 0.05 0.01

(-0.28) (-0.34) (-1.13) (-2.57) (-2.86) (-1.64) (-1.77) (-0.50)

MOMENTUM -0.23* -0.01 -0.13* -0.09 -0.08* -0.05* -0.15* -0.05*

(-3.58) (-0.27) (-2.60) (-1.67) (-2.70) (-2.20) (-4.71) (-2.09)

DIVYIELD 0.25* 0.07 0.09* 0.19* 0.13* 0.07* 0.04 0.14*

(-7.24) (-1.75) (-3.54) (-5.86) (-4.01) (-2.29) (-1.52) (-4.41)

BTM -0.13 -0.09 0.14 0.44 -0.26 -0.50* -0.23 -0.53

(-0.59) (-0.34) (-0.41) (-1.33) (-1.39) (-1.99) (-0.75) (-1.96)

VARIANCE -4.19* -2.71 -0.70 -1.00 -4.40* -0.30 0.27 -0.05

(-3.42) (-1.69) (-1.31) (-1.30) (-4.04) (-0.51) (-0.97) (-0.09)

DUMMY_STOXX600 7.67* 6.55* 4.98* 4.03* 10.87* 7.44* 9.51* 6.90*

(-10.18) (-9.79) (-10.04) (-6.09) (-14.02) (-12.03) (-19.04) (-10.36)

SIZE*DUMMY_STOXX600 -0.38* -0.31* -0.23* -0.19* -0.53* -0.35* -0.45* -0.32*

(-11.39) (-10.45) (-10.50) (-6.36) (-15.34) (-12.55) (-19.67) (-10.71)

Number of funds 404 166 141 222 393 160 137 205

*Significant at the 5% level

Panel B: 2011-Q1 data samplePanel A: 2008-Q1 data sample
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Investment fund turnover 

 Another classification that is available from Thomson Reuters’ One Banker – 

Ownership module is the turnover
4
 of each fund. Thomson Reuters classifies each fund 

into one of three classes (Low, Moderate and High turnover), but some funds have this 

classification empty. A fund with turnover classified as “Low” has an annual turnover 

rate that is less than 50%, or an average holding period of above two years, indicating 

that the fund has a general preference for long-term investment. Funds with Moderate 

turnover have an annual turnover rate of between 50% and 100%, or an average holding 

period of between 1 and 2 years, and therefore we assume they belong to a profile of 

medium term investment horizon. Funds classified as “High” turnover have an annual 

portfolio turnover rate higher than 100%, an indication of either a short term investment 

horizon or more frequent trading around a core position. 

 The sign of the coefficients shown on Table 8 are the same as observed for the 

entire sample of investment funds (section 4.1).  Yet we can observe a somewhat 

cascading effect when we compare the Low, Moderate and High turnover funds 

especially on the SIZE, LIQUIDITY and EURO STOXX 600 dummy variable. 

Investment funds classified with Low turnover generally are more inclined to invest in 

larger, more liquid companies and that pay higher dividends when compared with funds 

classified with Moderate turnover or High turnover. Moreover, funds classified with 

Moderate turnover seem also more inclined to invest in larger and more liquid 

companies than funds classified with High turnover. This suggests that funds that are 

more inclined to invest in the long-term exhibit more strictly the preferences towards 

“prudent” stocks, as referred on section 2.2. The same principle can be used inversely: 

the results suggest that funds with short term horizon are less conservative, in terms of 

investing in larger, more “prudent” stocks. 

  

                                                           
4
 A fund’s turnover represents the portion of a fund's holdings that are bought and sold during the course 

of a year. 
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Table 8 – Regression by Turnover Rate 

We use the Turnover Rate classification as given by Thomson Reuters to divide investment 

funds into four categories: Low, Moderate, High and unclassified (empty). Independent 

variables were measured at the beginning of each of the analyzed quarters, dependent variable at 

the end. The definition of the dependent and the independent variables is available on section 

3.2.1. Columns represent separate estimations. We use a Censored (TOBIT) model left censored 

on 0 and right censored on 100. We use Huber-White-corrected standard errors to compensate 

for Heteroscedasticity (Huber (1967), White (1980)) (t-Statistics in parentheses). 

 

Effectively, while the coefficient on DIVYIELD is statistically significant for Low 

turnover funds, it is not for Moderate or High turnover funds. And while low turnover 

funds seem to dislike MOMENTUM stocks, high turnover funds seem to praise that 

characteristic. 

 

4.5. Preferences by Domestic or Foreign Investment 

 We further analyze preferences of the investment funds included in our sample 

when they engage in domestic or foreign investment. Our goal is to understand up to 

which extent investment funds use the same criteria to invest in domestic and in foreign 

Low Moderate High (Not available) Low Moderate High (Not available)

Intercept -8.67* -7.79* -4.52* -6.14* -11.15* -8.71* -4.45* -6.82*

(-24.78) (-26.54) (-21.88) (-23.73) (-34.53) (-30.89) (-22.36) (-25.31)

PRICE -0.24* -0.19* -0.05* -0.10* -0.30* -0.17* -0.04* -0.12*

(-9.85) (-9.39) (-4.76) (-5.47) (-11.75) (-9.05) (-4.14) (-7.13)

SIZE 0.46* 0.43* 0.21* 0.31* 0.58* 0.46* 0.21* 0.33*

(-24.49) (-27.21) (-18.85) (-21.76) (-32.13) (-29.64) (-20.57) (-23.52)

LIQUIDITY 0.29* 0.28* 0.15* 0.20* 0.31* 0.18* 0.10* 0.18*

(-8.85) (-9.74) (-9.93) (-9.19) (-9.26) (-6.8) (-7.22) (-8.09)

AGE 0.00 -0.14* 0.03 -0.02 0.12* -0.05 0.02 0.06*

(-0.03) (-4.66) (-1.49) (-0.88) (-3.45) (-1.81) (-1.43) (-2.33)

MOMENTUM -0.30* -0.10 0.06* -0.15* -0.12* -0.05* 0.00 -0.10*

(-4.48) (-1.64) (-2.31) (-2.84) (-3.80) (-1.99) (-1.05) (-3.71)

DIVYIELD 0.23* 0.08* 0.08* 0.13* 0.20* 0.04 0.01 0.07*

(-6.01) (-2.38) (-3.92) (-4.81) (-5.51) (-1.52) (-0.59) (-2.7)

BTM -0.04 0.03 0.13 -0.13 -0.55 -0.36 -0.28* -0.02

(-0.15) (-0.12) (-0.6) (-0.65) (-1.95) (-1.21) (-4.17) (-0.13)

VARIANCE -4.29* -2.46* -1.66* -1.19 -1.87 -0.16 -0.33 -2.14*

(-2.75) (-1.97) (-1.99) (-1.88) (-1.73) (-0.28) (-1.50) (-2.61)

DUMMY_STOXX600 7.14* 6.87* 2.73* 4.44* 11.44* 9.14* 4.41* 5.73*

(-8.81) (-10.58) (-7.96) (-7.68) (-15.06) (-15.91) (-15.34) (-10.24)

SIZE*DUMMY_STOXX600 -0.35* -0.33* -0.14* -0.21* -0.56* -0.43* -0.21* -0.27*

(-9.75) (-11.50) (-8.80) (-8.04) (-16.30) (-16.68) (-15.75) (-10.74)

Number of funds 386 288 88 171 384 283 91 137

*Significant at the 5% level

Panel A: 2008-Q1 data sample Panel B: 2011-Q1 data sample
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markets. In order to calculate stock ownership by investment funds on “Domestic” 

investment, for each stock we sum the total ownership by funds located in the same 

country as that stock. To calculate institutional ownership on “Foreign” investment, we 

sum the total ownership by funds in countries other than that of the stock. We then 

perform the regressions based on this data. 

 Results are not reported to save space. Except for VARIANCE, the most relevant 

variables such as SIZE, LIQUIDITY and the EURO STOXX 600 dummy are still 

statistically significant in all cases. In terms of the sign of the estimated coefficients, the 

coefficients are consistent except for PRICE. For PRICE, intermittent signals on this 

variable may suggest that investment funds tend to prefer lower-priced stocks on their 

respective domestic markets and higher-priced stocks on foreign markets. 

 

5. Conclusions 

 We find evidence that European investment funds tend to invest primarily in 

larger, more liquid, high dividend, low volatility stocks that belong to the main stock 

market indices and tend to avoid stocks with higher levels of 12-month positive 

momentum. The findings in this paper are generally consistent with previous studies 

examining U.S. funds (e.g. Falkenstein (1996) and Gompers and Metrick (2001)). These 

studies also find a predominance of preference for larger, more liquid stocks and an 

avoidance of stocks with positive Momentum. Furthermore, our results that investment 

funds tend to prefer stocks that belong to the main stock market indices are in 

accordance to Gompers and Metrick’s results. 

 Our findings are also in line with previous studies that suggest that funds tilt 

their portfolios to more “prudent” stocks (e.g. Badrinath et al. (1989)). The main 

observed propensity for funds to prefer larger, more liquid, less volatile stocks that 

belong to the main stock market indices suggests that funds choose stocks they perceive 

as more prudent when managing their portfolios. 

 We also find no statistically significant differences in preferences between 

PIIGS (Portugal, Ireland, Italy, Greece and Spain) and non-PIIGS funds, and between 
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different fund investment styles. We find no statistically significant difference between 

funds located in countries that adopted the Euro and funds located in other countries, 

except for the variable Stock Price; and between domestic or foreign investment, also 

except for the variable Stock Price. When comparing preferences by fund turnover, our 

results suggest that low-turnover funds (typically with long-term horizon strategies) 

exhibit more strongly “prudent” man behavior than high-turnover funds. 

 Our results contribute to fill a gap in research since previous studies of the 

preferences of institutions were almost entirely based on U.S. institutional fund data. 

This paper may help individual investors become more informed about the behavior of 

institutions that manage their savings in a fiduciary relationship, and our results and 

those of similar studies may be useful to the regulation and supervision of prudent-man 

laws. 

 Although covering different aspects of institutional preference, this investigation 

has one important limitation. Our study uses only two snapshots of data, the first quarter 

of 2008 and the first quarter of 2011. 

 Due to this limitation, future studies could make use of time-series cross-

sectional variation in the data to learn more about investment fund preferred stock 

characteristics.  



37 
 

Bibliography 

Agudo, L. F., J. L. Sarto and L. Vicente (2008), "Herding Behaviour in Spanish Equity Funds". 

Applied Economics Letters. Vol. 15. n.º 7.  

Alves, Carlos and Victor Mendes (2010), "Mutual Funds Biased Preference for the Parent's 

Stock: Evidence and Explanation". Applied Financial Economics. Vol. 20. n.º 16 pp. 

1309-1320.  

Badrinath, S. G., Gerald D. Gay and Jayant R. Kale (1989), "Patterns of Institutional 

Investment, Prudence, and the Managerial "Safety-Net" Hypothesis". The Journal of 

Risk and Insurance. Vol. 56. n.º 4 pp. 605-629.  

Banerjee, A. V. (1992), "A Simple Model of Herd Behavior". Quarterly Journal of Economics. 

Vol. 107. pp. 797-818.  

Banz, Rolf W. (1981), "The Relationship Between Return and Market Value of Common 

Stocks". Journal of Financial Economics. Vol. 9. pp. 3-18.  

Bennet, J. A., R. W. Sias and L. T. Starks (2003), "Greener Pastures and the Impact of Dynamic 

Institutional Preferences". The Review of Financial Studies. Vol. 16. n.º 4 pp. 1203-

1238.  

Blume, Marshall E. and Donald B. Keim (2011), "Changing Institutional Preferences for 

Stocks: Direct and Indirect Evidence". Working paper, University of Pennsylvania.  

Del Guercio, Diane (1996), "The Distorting Effect of the Prudent-man Laws on Institutional 

Equity Investments". Journal of Financial Economics. Vol. XL. pp. 31-62.  

Falkenstein, Eric (1996), " Preferences for Stock Characteristics As Revealed by Mutual Fund 

Portfolio Holdings". Journal of Finance. Vol. LI. pp. 111-136.  

French, Kenneth R. and James M. Poterba (1991), "Investor Diversification and International 

Equity Markets". American Economic Review. Vol. 81. pp. 222-226.  

Friedman, B. (1996), "Economic Implications of Changing Share Ownership". Journal of 

Portfolio Management. Vol. 2. n.º 3 pp. 59-70.  

Froot, Kenneth A., David S. Scharfstein and Jeremy C. Stein (1992), "Herd on the Street: 

Informational Inefficiencies in a Market with Short-Term Speculation". Journal of 

Finance. Vol. 47. pp. 1461-1484.  

Gompers, P. and A. Metrick (2001), "Institutional Investors and Equity Prices". Quarterly 

Journal of Economics. Vol. 116. pp. 229-259.  

Grauer, R.R. and N.H. Hakasson (1987), "Gains from International Diversification: 1968-85 

Returns on Portfolios of Stocks and Bonds". Journal of Finance. Vol. 42. pp. 721-741.  

Grinblatt, Mark, Sheridan Titman and Russ Wermers (1995), "Momentum Investment 

Strategies, Portfolio Performance, and Herding: A Study of Mutual Fund Behavior". 

American Economic Review, LXXXV, 1088-1105. Vol. LXXXV. pp. 1088-1105.  

Grubel, H.G. (1968), "Internationally Diversified Portfolios". American Economic Review. Vol. 

58. pp. 1299-1314.  

Hirshleifer, David, Avanidhar Subrahmanyam and Sheridan Titman (1994), "Security Analysis 

and Trading Patterns when Some Investors Receive Information Before Others". 

Journal of Finance. Vol. 49. pp. 1665-1698.  

Huber, Peter J. (1967), "The Behavior of Maximum Likelihood Estimates Under Nonstandard 

Conditions". Proceedings of the Fifth Berkeley Symposium on Mathematical Statistics 

and Probability. pp. 221–233.  

Khurshed, A., S. Lin. and M. Wang (2011), "Institutional Block-Holdings of UK firms: do 

Corporate Governance Mechanisms Matter?". The European Journal of Finance. Vol. 

17. n.º 2 pp. 133–152.  

Lakonishok, J., A. Shleifer and R. Vishny (1992), "The Impact of Institutional Trading on Stock 

Prices". Journal of Financial Economics. Vol. 32. pp. 23-43.  

Levy, H. and M. Sarnat (1970), "International Diversification of Investment Portfolios". 

American Economic Review. Vol. 50. pp. 668-675.  



38 
 

Lobão, J. and A. P. Serra (2002), "Herding Behavior – Evidence from Portuguese Mutual 

Funds". Working Paper, University of Porto, 2002.  

Nofsinger, J. R. and R. W. Sias (1999), "Herding and Feedback Trading by Institutional and 

Individual Investors". The Journal of Finance. Vol. 54. pp. 2263–2295.  

Santis, Giorgio and Bruno Gerard (1997), "International Asset Pricing and Portfolio 

Diversification with Time-Varying Risk". The Journal of Finance. Vol. 52. n.º 5 pp. 

1881-1912.  

Sharfstein, David and Jeremy Stein (1990), "Herd Behavior and Investment". American 

Economic Review. Vol. 80. pp. 465-479.  

Solnik, B.H. (1974), "Why not Diversify Internationally Rather than Domestically?". Financial 

Analysts Journal. Vol. 30. pp. 91-135.  

Thomson Reuters (2013), "Ownership Glossary, 

http://banker.thomsonib.com/ta/help/webhelp/Ownership_Glossary.htm".  

Tobin, James (1958), "Estimation of Relationships for Limited Dependent Variables". 

Econometrica. Vol. 26. n.º 1 pp. 24-36.  

Walter, A. and F. M. Weber (2006), "Herding in the German Mutual Fund Industry". European 

Financial Management. Vol. 12. n.º 3 pp. 375–406.  

Welch, Ivo (1992), "Sequential Sales, Learning, and Cascades". Journal of Finance. Vol. 47. 

pp. 695–732.  

Wermers, Russ (1999), "Mutual Fund Herding and the Impact on Stock Prices". Journal of 

Finance. Vol. LIV. pp. 581-622.  

White, Halbert (1980), "A Heteroskedasticity-Consistent Covariance Matrix Estimator and a 

Direct Test for Heteroskedasticity". Econometrica. Vol. 48. n.º 4 pp. 817–838.  

Wylie, S. (2005), "Fund Manager Herding: a Test of the Accuracy of Empirical Results using 

UK data". Journal of Business. Vol. 78. pp. 381–403.  

 



Editorial Board (wps@fep.up.pt)
Download available at: http://wps.fep.up.pt/wplist.php

also in http://ideas.repec.org/PaperSeries.html

40

mailto:wps@fep.up.pt
http://wps.fep.up.pt/wplist.php
http://ideas.repec.org/PaperSeries.html



